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Q. How Greenhouse Gas Emissions add up?

A.

15GT Transportation: 27%
Pathway to Climate Action: tracking and measuring carbon emissions accurately, reducing emissions through

24GT Energy: 41%

alternatives like renewables, optimizing the use of green resources.

Reliable Energy Consumption Modeling for an Electric Vehicle Fleet

At the end-user Level:
(Range Anxiety)

Naive Solution:

* Increase battery capacity

* Increase no. of charging
stations

Motivation: Limited Driving Range per charge

$

At the organizational Level:
(Planning Dilemmas)

*Route Planning and
logistics

« Driver Planning

* Battery Sizing

* Maintenance Planning

* Bidding Prognostics for a
particular route segment
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Solution : Energy Consumption Modeling by using info available prior to the start of a trip
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EnCortex: Decision Management Framework for Future Energy Systems

Research Questions:

1.Develop an optimization layer that considers
uncertainties, safety constraints and supports both
neural network based and traditional optimizers.

2. Build a scalable framework to manage and optimize
numerous energy entities in real-time.
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Solution: EnCortex
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